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TYPES OF ANALYTIC QUESTIONS

Did you summarize the data? > NOT a data analysis
NO

YES

Did you report the summaries without

DESCRIPTIVE : ma
YES interpretation?

'NO

Did you quantify whether your discoveries are likely to

EXPLORATORY ) )
NO hold in a new sample?

\ YES

Is the effect you are looking
for an average effect or a
deterministic effect?

NO YES
AVG DET

INFERENTIAL PREDICTIVE

Are you trying to predict ] Are you trying to figure out how changing the
measurement(s) for individuals? NO average of one measurement affects another? o

CAUSAL MECHANISTIC

Quelle: Jeffery T. Leek, Roger D. Peng: What is the question? Science 20.03.2015: 1314-1315.
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STEPS IN EDA

/v Visualize

Import — Tidy — Transform

—» Communicate

Program

Source: Wickham, Hadley, and Garrett Grolemund. R for Data Science: Import, Tidy, Transform, Visualize, and Model Data. First edition, O'Reilly, 2016. URL:
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VISUALIZATION Distribution of best costs per algorithm for BOM 10
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